Neural Representation of Musical Contexts in High-Level Cortical Regions
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* People segment their experience into meaningful events Al Pattern Similarit Searchlight Analyses

 With narrative stimuli, event transitions can be detected as shifts in fMRI activity
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* Boundaries between songs will be detectable using a Hidden Markov Model = 4816 32
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*Beethoven’s Moonlight Sonata in magnified panes
i >  HMM finds song boundaries in A1 and vmPFC

Time

 Day 1 & Day 2: Participants listen to music playlist in a behavioral testing room

« Day 3: Participants listen to the playlist twice in the scanner (voxel = 2mm, TR = 1s) Discussion and Futu re DirECﬁOnS

* Playlist consisted of 16 songs
* Half classical and half jazz * Both Al and vmPFC represent song information

.  Comparisons to actual song data may reveal what this information is
Hidden Markov Model c c . . . L
* See if fine song representations are in sensory areas and coarse representations are in higher-order areas

* HMM searchlights may show other brain areas involved in representing song information
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