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What causes neural representations of memories to move to- Study & Model Study & Model Study & Model
gether (integrate) or apart (differentiate)?
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Recent studies have posed a challenge to supervised learning models, showing that linking stimuli Output JdAax B.X, Output Output
to a shared associate can result in differentiation rather than integration. <
HII"EIEK |
We present an unsupervised neural network model of representational change that uses a non- E—
monotonic learning rule to modify competitor-target connections. Time 4 4
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O O & O Competitor activity is modulated by color similarity (overlap between hidden and output Competitor activity is modulated by learning curriculum (interleaved vs. blocked learning; Competitor activity is modulated by predictive consequences (whether stimuli
AB AR A B AR A B A B A & B units). here through relative strength of Output-to-Hidden connections). predict the same or different outcomes).
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c , : an additional simulation where we varied the amplitude of inhibitory oscillations in the
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