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Event Segmentation In Naturalistic Conclusion

Settings

Disfluency Measures: Surprise, Entropy, and
Bayesian Surprise

Transient Bayesian Surprise Predicts
Event Boundaries
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Bayesian surprise: how much do
the 2 probability distributions differ

In sentence processing, the “Cloze” probability of the
sentence ending word is used to index the N400 response
(Kutas and Hillyard, 1980) for out-of-context words

K-L Divergence (Pt’ I:,t-1)
“Bayesian Surprise”
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Our goal is to test Event Segmentation Theory by using
fine-grained measures of disfluency, extracted from deep B g, = probability of each word in the vocabulary drawn from P;_i
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Transient Bayesian Surprise Shows Consistent Results Across Regression
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